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Abstract 
Generative AI (GenAI) tools are increasingly used in research production, while large 
language models (LLMs) are being explored for research evaluation. However, most 
GenAI-use disclosures remain free-text statements that are not represented as structured 
metadata and therefore cannot be systematically aggregated or analysed. This paper argues 
that the next stage of development of the Generative AI Delegation Taxonomy (GAIDeT) is 
infrastructural rather than conceptual. We propose that GAIDeT can function as a semantic 
layer for machine-readable GenAI-use metadata, enabling interoperability across scholarly 
communication systems. Such metadata may support transparency and provide contextual 
information for future GenAI-aware evaluation systems. 
 
1. Introduction 
 
Research evaluation has long relied on peer review and citation-based indicators. Citation 
metrics show moderate correlations with expert assessments of research quality (Aksnes, 
Piro, & Fossum, 2023), although citation impact is widely recognised as context-dependent 
and multi-causal (Aksnes, Langfeldt, & Wouters, 2019; Waltman & Traag, 2021). 
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Recent studies suggest the emergence of an additional evaluative layer based on large 
language models (LLMs). Experimental evidence indicates that ChatGPT can generate 
research quality assessments that, under certain conditions, correlate with expert judgements 
or citation-based indicators (Thelwall, 2024; Thelwall, 2025a). LLM-based predictions 
derived from article abstracts have also been linked to later citation impact (Thelwall, Jiang, 
& Bath, 2025). Unlike citation indicators, however, LLM evaluations operate directly on 
textual input and are sensitive to prompting, scoring instructions, model versions, and input 
characteristics (Thelwall, 2025b; Thelwall, 2026; Thelwall & Mohammadi, 2026). Textual 
clarity and framing may also influence model-generated evaluations independently of 
methodological quality (de Winter, 2024). 

As research production increasingly involves generative AI (GenAI) tools, the absence of 
structured metadata describing GenAI-assisted tasks creates a new interpretative challenge. 
Evaluation systems may analyse research outputs without access to information about how 
those outputs were produced. Building on the Generative AI Delegation Taxonomy 
(GAIDeT) (Suchikova et al., 2026), this paper argues that the next stage of AI disclosure 
should be infrastructural rather than conceptual. We examine how GAIDeT can function as a 
semantic layer for machine-readable GenAI-use metadata and discuss its potential role in 
future GenAI-aware evaluation systems. 

2. The infrastructural problem of AI-use disclosure 
 
In most journals, GenAI-use disclosure appears as a free-text statement within the 
manuscript. Although such statements improve transparency, they typically remain embedded 
in PDF or HTML text and are not encoded as structured metadata. Even when controlled 
vocabularies such as GAIDeT are used, declarations are usually presented as descriptive text 
rather than machine-readable metadata linked to persistent identifiers. 

As a result, GenAI-use information is generally not deposited as dedicated metadata fields 
and is not indexed as a searchable element in major scholarly infrastructures. Unlike author 
identifiers or funding information, which are transmitted through standardized metadata 
workflows and harvested by bibliographic databases (Hendricks et al., 2020), GenAI-use 
disclosures remain difficult to retrieve, aggregate, and analyse across publications. The 
challenge is therefore not the absence of disclosure policies, but the absence of interoperable 
metadata integration. 

3. GAIDeT as a semantic infrastructure 
 
GAIDeT was originally developed as a structured taxonomy for declaring delegated GenAI 
tasks in research (Suchikova et al., 2026). Since then, it has evolved into a semantic 
infrastructure based on an ontology with persistent identifiers and a resolvable PURL 
(https://w3id.org/gaidet/gaidet.owl). This allows GenAI-assisted tasks to be linked to defined 
ontology classes rather than described solely as free text. 

https://w3id.org/gaidet/gaidet.owl


To support practical implementation, a GAIDeT Declaration Generator 
(https://w3id.org/gaidet/) has been developed to produce structured GenAI-use statements 
aligned with the ontology. Together, these resources provide a foundation for 
machine-readable disclosure. 

The transition from descriptive statements to interoperable metadata does not require a new 
taxonomy, rather the integration of existing semantic resources into scholarly communication 
workflows. The main challenge is therefore no longer conceptual design, but infrastructural 
adoption by publishers, repositories, and indexing systems. 

4. Implications for GenAI-aware evaluation 
 
Structured GenAI-use metadata is not intended to function as a new performance indicator. 
Rather than assigning value to GenAI involvement, GAIDeT-based disclosure can provide 
contextual information for evaluation systems that increasingly rely on text-analytic methods. 
In the same way that field, document type, or funding information can support interpretation 
of citation indicators, information about delegated GenAI tasks may serve as a filtering or 
stratification variable in future GenAI-aware evaluation environments. 
 
The availability of structured metadata would enable analyses of how GenAI-assisted 
research production interacts with GenAI-assisted assessment. For example, LLM-generated 
evaluations could be compared across outputs with different forms of declared GenAI 
involvement, while disciplinary patterns of GenAI use could be examined over time. The 
purpose is not normative judgement but interpretive transparency. 
 
At present, however, such applications remain largely conceptual. Although GAIDeT 
provides a semantic structure for machine-readable disclosure, its practical implementation 
depends on adoption within publisher, repository, and indexing workflows. The main 
challenge is therefore not technical design, but systematic infrastructural uptake across 
scholarly communication systems. 
 
5. Conclusion 
 
Current GenAI-use disclosures are increasingly common but remain largely invisible to 
scholarly metadata infrastructures. GAIDeT provides a semantic foundation for representing 
delegated GenAI tasks in a machine-readable form and may support future GenAI-aware 
evaluation systems. The next stage of development is therefore not conceptual but 
infrastructural: integrating structured GenAI-use metadata into scholarly communication 
workflows. 
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